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Abstract

Artificial Intelligence (Al) is rapidly transforming how we communicate, challenging
the notion that advanced language skills, and by extension translation and interpret-
ing, are exclusively a human faculty. Following Floridis theory of Al as agency with-
out intelligence (2025), we argue that, from an outcome-oriented perspective, AI may,
in the short to medium term, be on a trajectory to approach, and in some instances
even surpass, human performance in spoken language translation without the need to
exhibit human like intelligence. This development suggests that Al applications will
act as interpreter agents in their own right, sharing the stage with human profession-
als, who may, in turn, increasingly rely on Al as a supportive technology. Despite the
rise of such non-intelligent but highly capable agents, there might remain compelling
reasons to prefer human interpreters, at least in some contexts and conditions. This
position paper: (i) proposes a conceptual framework for analysing machine interpret-
ing as an instance of agency without intelligence, (ii) suggests some key dimensions
that will shape whether Al or human agents are preferred in specific contexts; and (iii)
outlines the implications for research, policy, and practice.
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Introduction

The field of interpreting is currently undergoing what has been termed a “Technological
Turn” (Fantinuoli 2018). In contrast to written translation and other language-related
domains, interpreting long remained relatively untouched by digital innovation. The
Technological Turn anticipated that remote interpreting, computer-assisted interpret-
ing, and machine interpreting (MI) would transform the entire landscape of real-time
spoken language translation and, by extension, the interpreting profession. This ex-
pectation has, in many respects, now materialized: the growing influence of technol-
ogy on interpreting is widely acknowledged, as reflected in its impact on professional
practice (EUTAC 2025) and in the increasing number of academic publications on the
subject (cf. Chan 2025).

So far, most attention has focused on technologies shaping interpreters’ daily work
and routines, such as remote and computer-assisted interpreting. By contrast, MI,
arguably the most transformative innovation of the Technological Turn (Fantinuoli
2019), has received little attention from the field. For example, in the first edition
of the The Routledge Handbook of Interpreting, Technology and Al (Davitti et al.
2025) only one of twenty-two chapters addresses MI, and few publications within
Interpreting Studies engage with it directly (cf. Pochhacker 2024). This suggests that
the broader implications of this technology within the Technological Turn remain
largely underexplored.

Given the rapid pace of advancement in speech technologies, and in MI in particu-
lar, a profound transformation of the interpreting ecosystem appears imminent. This
expectation gains further weight when we consider, as will be argued in the remainder
of this paper, that increasingly capable machines may be able to translate spoken con-
tent in real time at a level comparable to, or potentially even exceeding, that of human
interpreters. In the short term, outcome-level parity between machines and competent
human interpreters seems plausible only in constrained conditions: specific language
pairs, well-defined settings, and predictable modalities. In the longer run, however,
the scope of MI is likely to expand beyond such contexts, increasingly covering do-
mains and use cases where human interpreters are now predominant. Such a develop-
ment challenges long-held assumptions about the irreproducibility of communicative
competence by non-biological agents, and, by extension, the irreplaceability of hu-
man interpreters, and signals a fundamental shift in how multilingual communication
will be mediated in the future.

The implications of this scenario are likely to be manifold. The provision of MI
services will increasingly rely on automation, within a global economic context that
increasingly favours automation across diverse sectors (Eurofound 2018; Seamless
2025). While this may bring significant societal benefits (Susskind 2025), provided the
technology is employed ethically and with appropriate safeguards in place (Giustini
2025), it is also likely to generate substantial risks for the profession: a reduced de-
mand in certain market segments, a probable downward pressure on fees, the margin-
alization of interpreters in technology-driven workflows, and mounting uncertainty
about the long-term viability of interpreting as an occupation (cf. Fantinuoli 2019;
Giustini 2024). Users and stakeholders, in turn, are expected to face increasingly com-
plex decisions about whether to rely on human interpreters, Al-driven solutions, or
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hybrid combinations, choices shaped less by absolute quality than by cost, conveni-
ence, and perceived adequacy. The risk of misuse in sensitive settings is also consid-
erable, particularly in domains such as courts, asylum hearings, or medical consulta-
tions, where errors or lack of accountability may have severe human consequences.

Many of these challenges converge on a fundamental question: what distinct
and complementary roles might human and machine interpreting play in facilitating
multilingual communication? In other words, if machines were to achieve perfor-
mance comparable in outcome, yet distinct in nature, to that of human interpreters,
what factors would continue to justify the use of professionals, and in which con-
texts? Addressing these questions is essential for shaping the ongoing discourse on
the future of spoken language translation, and for clarifying the respective roles that
machines and professional interpreters may occupy within this evolving commu-
nicative landscape.

At the core of this article lies the argument that addressing these questions requires
moving beyond the traditional assumption that only humans can produce high-quality
interpreting, and instead entertaining the plausible hypothesis that machines may even-
tually be able to simulate it at a comparable level. We therefore suggest that machines
should be recognized as distinct, yet increasingly competent, agents of multilingual
communication, capable, or soon to be capable, of performing high-quality translation
tasks (cf. Fantinuoli 2021). Adopting this perspective presents significant conceptual
and practical challenges. Professionals must confront the prospect of machines deliv-
ering performance comparable to their own; Interpreting Studies must expand its tra-
ditionally human-centric scope to include Al agents as legitimate subjects of inquiry;
and policymakers must establish criteria for integration that go beyond narrow quality
metrics. Unless the possibility of machine parity, albeit through fundamentally differ-
ent processes, is taken seriously, efforts to regulate or guide this evolving landscape
will remain inadequate. Opening this conversation is by no means straightforward,
but it is urgent. This paper seeks to make a contribution in that direction.

The remainder of this article is structured as follows. Section 1 examines why
language abilities, and by extension interpreting, have traditionally been regarded as
inherently human and beyond the reach of machines. Section 2 challenges this view,
showing how recent advancements in Al is giving rise to interpreting without intel-
ligence, a new form of agency that, from an outcome-oriented perspective, can rival
human interpreters. Section 3 outlines dimensions beyond traditional accuracy that,
should MI achieve parity, may continue to distinguish human interpreters from highly
capable artificial systems. Finally, Section 4 concludes by summarizing the impli-
cations for the interpreting ecosystem and identifying directions for future research.

l. The Human-Exclusivity Paradigm in Interpreting

Al represents a multifaceted domain, encompassing technologies that enable comput-
ers to perform complex tasks with a high degree of autonomy and precision. While ad-
vances have been made across many fields, recent public attention has largely focused
on breakthroughs in language processing, overshadowing advancements in areas such
as biology or medicine, where even two Nobel Prizes were awarded in 2024 (Li/
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Gilbert 2024). High-profile applications like ChatGPT and Google Gemini, to name
just two notable examples, have brought language-based Al into everyday conversa-
tions, fuelling fascination and debate.

The prominence of Large Language Models (LLM) in the collective imaginary is
not surprising. Language is central to human life: it enables communication, shapes
cognition, and supports both individual and collective goals (Vygotsky 1986). It is
arguably one of the most distinctive features of our species (Pinker 1994). Alongside
other evolutionary developments, such as bipedal locomotion and opposable thumbs,
language has been decisive in transmitting culture and creating complex social struc-
tures (Benanti 2021). For this reason, public reactions intensified once machines
began to demonstrate a capacity long regarded as a defining attribute of human in-
telligence: the ability to use language not only to exchange information but also to
connect, persuade, create, and make sense of the world.

Humans are not, of course, the only species capable of communication. Vervet
monkeys, for example, have distinct alarm calls for different predators (Beecher
2021), and Campbell’s monkeys combine calls in sequences that follow simple gram-
matical rules (Ouattara et al. 2009). Yet, notwithstanding these remarkable examples,
the sophistication and open-ended creativity of human language remain unmatched.
This has long sustained the belief that language use is an exclusively human faculty,
inseparably tied to identity and intelligence (Edwards 2011), and therefore, beyond
the reach of any non-human agent.

This conviction is particularly strong among language professionals. Translators and
interpreters, for example, whose expertise lies in the complex interplay of language, cul-
ture, and communication, often regard their craft as uniquely human and intrinsically irre-
placeable (Lukasik 2024; Al Sharairi 2025). Their scepticism towards machine translation
and interpreting is therefore unsurprising, and well documented. Claims of human parity
in machine translation (Hassan 2018), or efforts to model neural systems on human trans-
lator workflows (Briakou et al. 2024), or structural risks for the profession (Tomlinson
et al. 2025) have been met with strong reservations, and even the merely prospect of fu-
ture achievements in automation has frequently been dismissed as illusionary. If language
use is traditionally regarded as a proxy for intelligence, and, indeed, as a uniquely hu-
man faculty tied to our cognitive identity (Edwards 2011), how could a machine, lacking
consciousness, intentionality, or genuine understanding, as critics such as Bender/Koller
(2020) and Chomsky et al. (2023) contend, attain performance levels that at times rival
those of human translators and interpreters?

The scepticism expressed within the profession could easily be dismissed as a cog-
nitive bias known as ‘not-us thinking’ (Susskind 2025), the belief that one’s own field
is uniquely immune to automation. Yet in the case of translation and interpreting, such
reservations also rest on valid ground. They draw on both the distinctive cognitive and
contextual demands of interpreting and on the current limitations of Al. Ontologically,
some argue that machines cannot “interpret” at all. P6chhacker (2024), for example,
suggests that interpreting entails not only immediacy (cf. Fantinuoli 2025) but also
agency, embodiment, and situatedness. Since machines still lack these dimensions,
they cannot be considered interpreters in the full sense of the term. According to this
process-based perspective, if machines achieve their goal by fundamentally different
means, the equivalence with human interpreting is questioned.
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At the same time, interpreting is known to be an intrinsically complex activity
that is performed on multiple layers. It involves not merely the transfer of linguistic
content but also context-sensitive decision-making, ethical judgment, and the coordi-
nation of multimodal cues in real time, to name just a few. Professional interpreters
draw on anticipation, discourse-level coherence, and adaptive strategies to manage
uncertainty and sustain interaction (Gile 2009). These dimensions remain especially
challenging for Al, which struggles with ambiguity, cultural nuance, and the fluidity
of live communication. As we will see in the remainder of this paper, however, fo-
cusing on process alone risks obscuring an equally important dimension: outcomes.
Machines may lack agency, embodiment, or intentionality in the human sense, yet
still produce communicative results that, in specific conditions, may rival those of
biological interpreters. Shifting attention from how interpreting is performed to what
it achieves is therefore essential to understanding both the promise and the disruption
of machine interpreting.

Valid practical and technical-oriented objections also abound. Al systems are still
prone to hallucinations (Guerriero et al. 2024) and perform poorly in low-resource
languages (Court/Elsner 2024). In interpreting further limitations of Al are exacer-
bated: cultural nuance (Havaldar et al. 2023; Cao et al. 2023; Li et al. 2024), em-
pathy and moral reasoning in sensitive settings (Weizenbaum 1976; Floridi/Sanders
2004; Vallor 2024), adaptation to ambiguous, context-rich communicative events
(Pochhacker 2024), and professional judgment, such as clarifying or self-correcting
(Gaido et al. 2024). These challenges are compounded by persistent technical obsta-
cles in speech processing, including background noise (Lippmann 1997), overlap-
ping or disfluent speech (Shriberg ef al. 2001; Morteza et al. 2023), accent variation
(Maison/Estéve 2024), and uneven linguistic resources for model training across lan-
guages (Joshi et al. 2020; Blasi et al. 2022). Although progress has been substantial,
these problems remain partly unresolved, and represent a critical limitation for build-
ing reliable systems to be used in high-stakes contexts such as legal, healthcare or
diplomatic communication.

These objections are well-founded. In the context of interpreting and automation,
they are often treated as intrinsic and immutable constraints, implying that achiev-
ing high-level interpreting would require machines to replicate every facet of hu-
man cognition, including embodied experience. Two considerations challenge, how-
ever, this view.

The first is what Susskind/Susskind (2017) term technological myopia: the ten-
dency to judge a technology solely based on its current limitations, without account-
ing for the trajectory of future development driven by rapid scientific and technologi-
cal progress. MI is now a field of intense research activity, backed by massive public
and private investment, with advances becoming increasingly tangible (Abdulmumin
et al. 2025). Today’s systems are therefore the least capable we are likely to see.
Analyses that focus only on present shortcomings risk being short-sighted, lacking
any perspective on future developments.

The second consideration is more fundamental. It challenges the widespread as-
sumption that machines, by virtue of lacking human-like cognition, consciousness, or
moral agency, are intrinsically incapable of performing tasks traditionally associated
with professional interpreting. However, MI’s growing success rests not on replicat-
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ing human processes but on achieving similar outcomes through radically different
mechanisms. As the next section argues, it is precisely this distinction, between pro-
cess and outcome, that makes it possible for machines lacking intelligence to perform
at levels comparable to humans in cognitively demanding tasks, and, as we suggest
here, potentially also in interpreting.

2. Machine Interpreting as Agent without Intelligence

What exactly do we mean by intelligence? The absence of a shared, precise definition
makes it difficult to have productive discussions about artificial forms of translation
and interpreting. Too often, debates begin by measuring artificial intelligence against
the yardstick of human intelligence, as if the former were merely an imperfect copy
of the latter. Yet human intelligence is not the only form that exists: animals, and even
plants, display adaptive behaviours that, from certain perspectives, can be regarded as
intelligent (Mancuso 2015). Which form is “stronger” depends entirely on the criteria
used to define it. Our judgment is further distorted by anthropocentric biases that treat
human cognition as the natural benchmark of intelligence.

To address this persistent conceptual confusion, Floridi (2025) proposes abandon-
ing the term infelligence in discussions of Al and instead adopting the concept of arti-
ficial agency. In this context, artificial agency refers to a computational, goal-directed
form of agency defined by human purposes. Unlike biological or social agents, artifi-
cial agents lack consciousness, intentionality, and evolutionary development, but they
compensate with rapid, domain-specific adaptability and advanced information-pro-
cessing capabilities. In this sense, artificial agency represents both a continuation and
a departure from established forms of agency: it surpasses mechanical determinism
and traditional artefactual agency through learning, yet remains fundamentally dis-
tinct from human agency by its inability to transcend predefined objectives or form
genuine intentions (cf. Floridi/Chiriatti 2020). This perspective is helpful to frame
both the capabilities and the limits of Al, while sidestepping the conceptual pitfalls
that arise from anthropomorphic or biologically grounded comparisons. In this con-
text, Al systems, even powerful ones such as LLMs, can act autonomously within
their designed parameters to solve problems and achieve goals, hence displaying
agency. Yet, as Floridi (2025) emphasises, this agency is not intelligent. A smartphone
can outperform any human at chess, yet this does not entail intelligence in a human
sense. In other words, functional achievement does not require the replication of hu-
man cognitive processes.

The example of chess, and, more recently, the game of Go (Silver et al. 2016),
makes this clear. Al board gamers, from IBM’s Deep Blue to modern engines like
AlphaZero, do not “think” about the game as humans do; they evaluate millions of
positions per second and apply algorithms far removed from human intuition. Yet they
consistently defeat the best human grandmasters. Their strength comes not from hu-
man-like strategic reasoning but from brute-force computation and self-play training
on a scale no human mind could match. These achievements illustrate the key concept
that replicating human cognition, or intelligence, is not a prerequisite for matching or
surpassing human performance in cognitively demanding tasks.
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Against this backdrop, as we move from closed systems like games to open systems
like communication, we suggest that MI can be understood as a form of interpreting
without intelligence: the ability to achieve complex communicative goals (agency)
without human-like understanding, awareness, or without possessing the cognitive
architecture that remains indispensable for humans when they perform the task.

When Al systems provide real-time translation at international conferences, in
hospital consultations, or during press briefings, they do so through computational
architectures that bear little resemblance to human cognitive processes and our in-
telligence. A human interpreter, for example, listening to a politician’s speech in a
multilingual summit, may draw on diplomatic knowledge, anticipation strategies, and
pragmatic choices about when to render or omit certain details (Gile 2009). An Al
interpreter, by contrast, processes the acoustic signal through cascaded (speech rec-
ognition, neural translation, speech synthesis) or, with growing frequency, end-to-end
pipelines without “understanding”, in a human sense, neither the political stakes nor
the communicative context. Yet in many constrained settings, machine output can
already be sufficiently fluent and accurate to serve its purpose, signalizing that some
form of understanding is possible, even if this is different from humans (cf. Havlik
2025). Just as AlphaZero plays Go without human-like thought, Al interpreters can
deliver communicative outcomes without the need of replicating the mechanisms of
human intelligence. As a consequence, with increasing sophistication of the underly-
ing technologies, and within the current paradigm of narrow Al these capabilities are
likely to improve until the point of reaching, from a functional perspective, perfor-
mances similar, or even superior to, that of human interpreters.

Advances in speech recognition, neural translation, and speech synthesis are in
fact being combined with increasingly powerful LLMs and multimodal architectures
(Zhang et al. 2024; Deng et al. 2025). As these components improve in accuracy,
coverage, and in the ability to perform complex operations with language, they will
expand the communicative domains in which MI can operate effectively. What now
suffices for scripted or low-stakes interactions is therefore likely to extend, sooner
rather than later, into more complex and dynamic environments. In this sense, inter-
preting without intelligence is not just a description of present capabilities, but a lens
through which we should anticipate the probable evolution of MI toward high-level,
professional-level quality.

This approach makes clear that the real challenge lies not in current performance,
which remains far from matching the highest levels of human interpreting, but in
the prospect of continued advances, achieved without the need for Al to possess
human-like intelligence. It is precisely this prospect that unsettles the long-held as-
sumption that interpreting necessarily depends on attributes such as consciousness,
intentionality, and flexible reasoning. If machines can deliver comparable outcomes
without any of these attributes, then perhaps the defining criteria for interpreting itself
need to be reconsidered. In this light, Al interpreters should be understood as goal-di-
rected systems that, while relying on processes fundamentally different from human
cognition, nonetheless combine vast datasets, probabilistic modelling, and algorith-
mic decomposition to pursue the same communicative goals as human interpreters.

This recognition shifts attention from process to outcome. Just as fixed-wing air-
craft achieve flight without flapping like birds (cf. Harris 1989), Al interpreters can
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reach communicative goals (agency) through radically different mechanisms. The rel-
evant question is therefore, not whether machines “think” like humans or have the
same kind of intelligence like us (in both cases they do not) but whether they can con-
sistently deliver outcomes that meet communicative needs with reliability, accuracy,
and appropriate safeguards.

Understanding MI in terms of agency without intelligence has direct consequenc-
es for how we evaluate and integrate it into professional practice. It reframes the
debate from whether Al can be like a human interpreter (it cannot) to whether it can
function as an interpreter by meeting communicative requirements in specific contexts
(which it increasingly can). For the interpreting ecosystem, this is not a theoretical
shift: it impacts how stakeholders define quality, allocate resources, establish roles,
and distribute responsibility in workflows where human and machine agents oper-
ate side by side.

3. Critical Dimensions Differentiating Human and Al Interpreters

The implications of high-performing interpreting systems, developed without repli-
cating human-like intelligence, reach well beyond questions of accuracy, fluency, or
latency, the conventional criteria typically used to assess and distinguish machine in-
terpreting. For the interpreting ecosystem, the central issue is not merely whether ma-
chines can achieve functional parity with human interpreters, for we argue they likely
will, but rather in which domains of practice such parity will be socially, ethically, and
institutionally accepted, where it will not, and why. The key contention of this paper
is that, given the hypothesized formal similarity of outputs between biological and
artificial interpreters, the decisive grounds for delineating their respective roles and
spaces lie not in technical metrics (accuracy, fluency, etc.) but in the broader dimen-
sions that shape consequential interpreter-mediated encounters. We propose seven
such dimensions, without claiming completeness: (3.1) trust and accountability; (3.2)
pragmatic flexibility and ethical mediation; (3.3) relational dynamics and embodi-
ment; (3.4) symbolic and cultural value; (3.5) resilience in crisis and edge cases; (3.6)
co-evolution of professional roles; and (3.7) regulatory and institutional frameworks.
Taken together, these seven dimensions suggest that the future of interpreting will be
decided not solely by performance metrics but by how trust, accountability, flexibil-
ity, embodiment, symbolic recognition, resilience, and law are negotiated between
humans and machines. These arenas will determine whether machine interpreting is
confined to routine tasks or extends to high-stakes contexts, and whether human inter-
preters themselves are displaced, marginalized, or rather transformed into new forms
of professional agency.

3.1 Trust and accountability
In domains such as diplomacy, medicine, asylum adjudication, and the courtroom, to

name just a few, trust is indispensable. Whether interlocutors are willing to entrust
critical functions to machines remains uncertain, even in light of high performance.
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Evidence from other fields suggests that such trust will remain limited: despite de-
monstrable safety records, many remain reluctant to enter autonomous vehicles (Hoff/
Bashir 2015); patients often demand human confirmation of Al-derived medical diag-
noses (Topol 2019); and juries continue to privilege live testimony over mediated evi-
dence (Lynch 2017). Closely linked to trust is accountability. Professional interpreters
operate within institutional frameworks of responsibility, confidentiality, and liability.
Al systems, by contrast, lack, as of now, embodied accountability. While developers
and institutions may be held responsible, as a consequence of new legislation on Al,
the absence of direct moral and legal liability raises questions about legitimacy. How
trust and accountability are distributed between humans and machines will decisively
shape acceptance.

3.2 Pragmatic flexibility and ethical mediation

Interpreting is not only linguistic transfer but also situated judgment. Professionals
routinely decide when to explicate, reframe, or omit content in order to preserve re-
lationships or avert misunderstandings (Wadensjo 2014). They also function as ethi-
cal safeguards, preventing the misrepresentation of vulnerable participants (Angelelli
2004). Whether Al systems, currently optimized for fidelity, can acquire comparable
pragmatic and ethical capacities, or whether humans will retain superiority in this
area, remains an open question. An open question remains whether, even if machines
acquire advanced capabilities in these domains, humans will be willing to accept
them, and under what conditions.

33 Relational dynamics and embodiment

Interpreters are not neutral conduits but co-participants in communicative encounters
(Wadensjo 2014; Davitti/Pasquandrea 2017). Their interventions, timing, and embod-
ied presence actively shape interaction. These dynamics, closely tied to situatedness
(Pochhacker 2024), show how an interpreter’s physical presence, spatial positioning,
and embodied cues can, in some cases, influence not only the processing of linguistic
content but also the overall management of interaction. While embodiment is not a
prerequisite for interpreting as such, it contributes to distinctive forms of interactional
depth. AI may approximate certain aspects of embodiment through avatars or robot-
ics, but whether such proxies can foster comparable dynamics will be decisive for
uptake in certain contexts.

34 Symbolic and cultural value
Human interpreters also possess symbolic capital. Their presence in diplomacy, busi-
ness, or ceremonial contexts signals seriousness, respect, and legitimacy. A head of

state or chief executive may prefer a human interpreter not merely for performance,
but because human mediation is socially recognized as a sign of commitment and
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investment in the interlocutor. In this sense, interpreters function not only as linguistic
agents but as cultural symbols (Bourdieu 1991; Inghilleri 2005) whose absence, or in
our case substitutions through MI, would alter the perceived weight of communica-
tive acts. Whether machine systems can acquire equivalent symbolic recognition, or
whether their use will instead diminish perceived weight, favouring the use of profes-
sionals, will depend on future patterns of social recognition and institutional practice.

35 Resilience in crises and edge cases

Al interpreting performs best under controlled conditions, yet real-life communica-
tion is often unpredictable, marked by overlapping speech, code-switching, dialect
variation, and acoustic interference. Human interpreters demonstrate resilience in
such “edge cases”, improvising strategies and restoring coherence when conditions
break down (Gile 2009). Whether Al can develop comparable resilience in volatile or
high-pressure contexts will determine its reliability in the very settings where accura-
cy alone is insufficient and human interpreters thrive.

3.6 Co-evolution of professional roles

The trajectory of interpreting may depend on how professionals adapt. Interpreters
may shift from performing transfer to managing multilingual ecosystems, supervising
Al output, and intervening in moments of breakdown. Likewise, the ways in which
they integrate Al for their own benefit, for instance, to compensate in areas where
machines currently excel, such as retrieving precise information in real time, may
enhance their resilience. Parallels with aviation and medicine suggest that human
professionals remain central even in highly automated environments (Dekker 2019;
Topol 2019). The balance between Al delegation and human oversight will shape the
evolving professional landscape (Abbott 1988; Susskind/Susskind 2017).

3.7 Regulatory and institutional frameworks

Beyond performance, the deployment of Al or human interpreters will also be shaped
by laws, decrees, and organizational policies that define where machine interpreting
is permitted, restricted, or mandated. These frameworks may determine acceptable
use in domains such as healthcare, justice, or education independently of the actual
quality of the systems. For instance, regulators may prohibit reliance on Al in asylum
adjudication or court proceedings in favour of professionals, while international or-
ganizations or hospitals may adopt Al systems in routine multilingual briefings or pa-
tient intake to reduce costs or expand coverage. Such decisions will not only influence
the distribution of work between humans and machines but also set the boundaries
within which trust, accountability, and professional roles can evolve.
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4. Conclusions and Future Directions

This article has advanced a straightforward yet distinctive argument: the rise of Al
interpreters does not depend on machines replicating human intelligence, but on their
capacity to achieve comparable outcomes through fundamentally different means.
What we describe as interpreting without intelligence reflects recent scientific and
technological progress in the field of AI. While current systems already demonstrate
the ability to mediate communication at a functional level in certain contexts, we
anticipate the possibility that similar progress will extend the theoretical ability of
machines to serve the vast majority of interpreter-mediated encounters in a not-too-
distant future. For the interpreting ecosystem and for all stakeholders concerned, the
task is therefore, not to argue whether change will come, but to determine how best to
respond and govern it.

The rise of MI will fundamentally alter the landscape of multilingual commu-
nication. By enabling users to bypass traditional intermediaries, these systems will
make language accessibility more seamless, immediate, and ubiquitous, ultimately
reshaping expectations of what interpreting entails. Nonetheless, as this paper has
argued, such progress does not imply the obsolescence of human interpreters. While
machines may rival or even surpass human performance in certain dimensions, there
remain enduring reasons, such as trust, accountability, relational dynamics, ethical
judgment, symbolic value, and crisis resilience, that will decisively influence whether
human interpreters retain an indispensable role, as we believe, particularly in the most
sensitive communicative settings.

Acknowledging this possible scenario, all stakeholders must prepare for a future
in which human interpreters and Al coexist as similarly performing, and yet differ-
ent in nature, communication agents. This requires proactive discussion and strategic
adaptation. The interpreting community, educators, industry stakeholders, and policy-
makers must engage in critical conversations about the role of human and Al interpre-
tation in this evolving landscape. Instead of resisting the idea of machines able to rival
their expertise, interpreters may need to reconceptualize their expertise. This includes
redefining the value of human interpreters beyond linguistic accuracy, embracing hy-
brid models of human-Al collaboration, and advocating for professional standards
that ensure ethical and effective integration of Al in interpreting workflows. Looking
forward, three avenues of action appear especially urgent:

1. Research. Interpreting Studies must broaden its horizon beyond human-centric
paradigms to include machine agents as legitimate subjects of inquiry. This re-
quires new methodologies for assessing quality in human or machine scenarios,
frameworks for studying trust and user acceptance, and conceptual models that
account for this new form of agency without intelligence in interpreting.

2. Policy and governance. Regulators and professional associations need to antic-
ipate the ethical and legal challenges raised by Al interpreting. Clear accounta-
bility structures, safeguards against misuse, and standards for transparency and
fairness will be essential. Without proactive governance, the adoption of these
technologies, risks eroding trust and undermining the rights of users, especially
vulnerable ones.
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3. Professional practice. Interpreters themselves must position their expertise
within this changing ecosystem. This involves evolving from a reactive to a pro-
active stance, embracing hybrid models of practice, developing skills to man-
age Al outputs, and emphasizing the uniquely human qualities — judgment, em-
pathy, ethical discernment — that some users and institutions continue to value.

The challenge ahead is, therefore, not merely one of adaptation but of positioning.
Human interpreters are unlikely to vanish, but their roles, numbers, and domains of
work will inevitably shift as MI becomes embedded in everyday communication. In
some sectors, demand may contract sharply; in others, hybrid human-machine col-
laborations may create new professional niches. Whether interpreters are displaced,
marginalized, or redefined as supervisors and guarantors of communicative quality
will depend on choices made now by practitioners, educators, policymakers, and in-
dustry stakeholders. The profession can either remain a passive object of disruption or
become an active participant in shaping the multilingual future.

The broader societal stakes should not be overlooked. Machine interpreting has
the potential to expand language access on a scale never seen before, lowering barriers
for individuals and communities that have long been excluded from communication.
But this same expansion carries risks of deprofessionalization, inequity, and ethical
blind spots if not carefully governed.

The decisive question is thus no longer whether Al can replace interpreters, but
how human and artificial forms of agency will be aligned, balanced, and governed to
serve multilingual communication responsibly and effectively.
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